
C
o
lle

ctin
g
,
e
rr,

C
o
rre

ctin
g

S
p
e
e
ch

E
rro

rs

M
a
rk

J
o
h
n
so

n

B
ro
w
n

U
n
iv
e
rsity

M
a
rch

,
2
0
0
5

J
o
in
t
w
o
r
k
w
ith

E
u
g
e
n
e
C
h
a
r
n
ia
k
a
n
d

M
a
tt

L
e
a
s
e

S
u
p
p
o
r
te
d

b
y
N
S
F

g
r
a
n
ts

L
IS

9
7
2
0
3
6
8
a
n
d

I
IS

0
0
9
5
9
4
0

1



T
a
lk

o
u
tlin

e

•
W

h
at

are
sp
eech

rep
airs,

an
d
w
h
y
are

th
ey

in
terestin

g?

•
A

n
o
isy

ch
a
n
n
el

m
od
el

of
sp
eech

rep
airs

–
com

b
in
es

tw
o
very

d
iff
eren

t
k
in
d
s
of

stru
ctu

res

–
a
n
ovel

m
o
d
el

of
in
terp

retin
g
ill-fo

rm
ed

in
p
u
t

•
“R

ou
gh

cop
y
”
d
ep

en
d
en
cies,

con
tex

t
free

an
d
tree

a
d
jo
in
in
g

gra
m
m
a
rs

•
R
eran

k
in
g
u
sin

g
m
ach

in
e-learn

in
g
tech

n
iq
u
es

•
T
rain

in
g
an

d
evalu

atin
g
th
e
m
o
d
el

of
sp
eech

errors

•
R
T
04F

evalu
ation

2



S
p
e
e
ch

e
rro

rs
in

(tra
n
scrib

e
d
)
sp

e
e
ch

•
R
estarts

an
d
rep

airs

W
h
y
d
id
n
’t
h
e
,
w
h
y
d
id
n
’t
sh
e
stay

at
h
om

e?

I
w
an

t
a
fl
igh

t
to

B
o
sto

n
,
u
h
,
to

D
en
v
er

on
F
rid

ay

•
F
illed

p
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a
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b
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